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* The expectation of behavior drift changes for different roles, and for
different people as shown 1n Figure B
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* Evaluated the feature extraction methods with three metrics: average
Silhouette coefficients, BetaCV, Dunn Index [4] (see Figure C)
* Applied query-rewriting techniques (regularization) to improve the quality
\\of features extracted (see Figure C) [P3][P5][P6] /
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